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Using a computer vision (MediaPipe?) analysis of Swedish Sign Language (STS)
dyadic, conversational corpus video data, is it possible to accurately classify:
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e s ea rc q u e s I 0 n s « who the main signer is at a given time? < which hand is a signer’s dominant?
40 dyadic, conversational texts were sampled from the STS Corpus: 80 MPEG video files? and their

associated ELAN annotation files3 — about 2 hrs 15 mins of text (= 10% of the entire STS Corpus - D at a & M et h O d

analyzed with MediaPipe’s world landmarks 3D pose estimation: each 5-second segment was classified

as having a main signer and each signer a dominant hand, based on the distance & height of hands \
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Results: Who Is signing? 5 |
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approaches perform well when classifying who I R |
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The optimal approach is a combined one: distance 1,573 (95.3%) 78 (4.7%)
majority rule across all methods is applied for .
eaéh sggment, resulting in 96.9% acri:rl)Jracy height (max) 1,567 (94.9%) 84 (5.1%)
compared to sign frequency as ground truth height (mean) 1,535 (93.0%) 116 (7.0%)
combined 1,600 (96.9%) 51 (3.1%) :
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